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1 Survey Protocols
Our survey was fielded in partnership with our local partner, Buendı́a & Marquez, based in Mexico
City, Mexico. The survey was fielded as part of the larger Performance Evaluation of USAID/Mexico’s
Crime and Violence Prevention Activity. The survey was reviewed by the Institutional Review Board
at XXXXX university, and received approval. The study was conducted in compliance with all local
Mexican laws and regulations, in addition to ethical standards contained in the 1964 Declaration of
Helsinki, including its amendments.

1.1 Survey Format and Recruitment
The survey was conducted face-to-face with structured questionnaires by trained interviews who used
personal tablets. Interviewers followed all local COVID-19 protocols and maintained social distance
from interviewees. Once a survey was complete, responses were immediately uploaded to the cloud
and removed from the tablet to ensure sensitive information would not be at risk of disclosure. All
completed questionnaires were checked during and after fieldwork for quality control. Interviewers
also worked in teams of three with a supervisor whose responsibility was to monitor quality and make
any necessary adjustments.

To recruit survey participants, enumerators follow a random selection process detailed in the fol-
lowing section. Once participants are selected, the enumerator invites a participant in the household
to participate in the survey completely voluntarily. Subjects were told they could decline to participate
or end their participation in the survey at any time. Enumerators required verbal consent to participate
from the respondents following a consent text. Consent was not requested from parents, as we did not
interview youths under the age of 16. Participants may have responded differently (and bias results)
during interviews if they knew their parents needed to consent. Further, some answers regarding be-
havior among youth, such as entertainment and attitudes towards crime in the community, were likely
to be influenced by parental approval.

We did not offer compensation for participation in the survey, which is standard among short in-
person surveys in the region (e.g., the Latin American Public Opinion Project at Vanderbilt University).
Surveys took on average about 20 minutes of respondents’ time. Although respondents were not of-
fered monetary compensation, they were told of the possible benefits of participation. These included
voicing concerns regarding violence in their communities and how the results from our study could
help develop a deeper understanding regarding insecurity dynamics in the localities where the surveyed
individuals live. The project was also conducted in conjunction with USAID, and was aimed to better
design crime prevention efforts in Mexico, which would positively impact research subjects.

No methods of deception were included in our survey, nor was identifiable information collected
regarding any of the participants. The research involved no more than minimal risk to subjects, the
investigators and research staff apart from possible discomfort when responding to some questions.
However, participants were warned of this risk and the consent process emphasized the option for re-
spondents to end the survey at any time if they wished.

1.2 Sampling Design
The survey was designed to achieve a nationally representative sample of urban Mexico for ages 16-29.
In addition, the survey was designed to be representative of certain security realities (homicide, per-
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ceived insecurity, and victimization). To do so, a multistage area probability sampling design was used.
Respondents were selected using a four stage sampling process. Stage 1 involved the selection of pri-
mary sampling units (PSUs), which in this case were electoral sections - a small geographic jurisdiction
in Mexico that is smaller than the municipality. They constitute the basic territorial unit of single-
member electoral districts for citizens to register to vote. As of March 2021, Mexico was divided into be
very 68,806 electoral sections.

To select PSUs, the sampling frame was limited to Mexican municipalities which were covered by
the Encuesta Nacional de Seguridad Pública Urbana (ENSU, National Urban Public Security Survey)
run by Mexico’s national statistical institute, the Instituto Nacional de Estadı́stica y Geografia (INEGI).
This survey is representative of urban Mexico and includes important public security information that
was used later in the sampling process. From this, the number of PSUs eligible to be included in our
survey was reduced to 30,878. We supplemented this list of municipalities and PSUs with additional
information from the November 2020 Geoelectoral Information Catalog from INEGI and the 2020
Census to create our final sampling frame.

We supplemented the sampling frame with additional information regarding three measures of se-
curity realities in Mexico. We added three municipal-level measures of violence. These were homicide
rates as reported by the Executive Secretariat of the National System of Public Security (SESNSP), a
measure of perceived community security, and a measure of victimization. In Mexico, homicide data
are available from two sources - via the SESNSP reflecting police investigations, and via INEGI from
death certificates. Although INEGI data tends to be more precise, the publication of this data is usually
delayed by over a year. Because of this, we use SESNSP data which covered the entirety of 2020 at the
municipal level. We only use data regarding intentional homicides.

The latter two measures were generated using responses from the ENSU survey. Given that the
ENSU data are not representative at the municipal level, we generated municipal estimates using mul-
tilevel regression and poststratification (MRP). To do so, we brought in additioanl infromation from
the 2015 intercensus. These measures capture the preponderance of nonhomicidal crime (victimiza-
tion) and perceived community insecurity at the municipal level. In particular, we used the following
questions from the ENSU survey:

• Perceived Security: In terms of crime, do you consider that to live in (CITY) currently is . . .
[safe, unsafe]? En términos de la delincuencia, ¿considera que vivir actualmente en (CIUDAD),
es . . . [seguro, inseguro]?

• Victimization:During the past year [insert year], that is to say from January to today, has a
member of your household (including yourself) been victim of (INSERT TYPE OF CRIME)
on card A? Durante este año [insert year], es decir, de enero a la fecha, ¿algún integrante de este
hogar incluido usted, sufrieron la situación (CÓDIGO DE INCIDENCIA) de la tarjeta A?

– Robbery or assault in the street or in public transportation? Yes or No. Robo o asalto en la
calle o en el transporte público (incluye robo en banco o cajero automático)? Sı́ o No?

– Threats, pressure, or deception to demand money or goods or to do something/not to do
something (extortion, blackmail)? Yes or No? Amenazas, presiones, o engaños para exigir
dinero o bienes; o para que hiciera algo o dejara de hacerlo (extorsión)? Sı́ o No?
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For the first measure, perceived security, we coded the variable as 1 if an individual reported feeling
“insecure” and 0 if an individual reported feeling “secure” in their city. For our second measure, vic-
timization, we coded the variable as 1 if the individual reported that a member of their household had
either experienced robbery or extortion in the past year and coded 0 if not.

With these questions, we then estimated the relationship between various individual-level char-
acteristics and their responses on these selected survey questions. We did this through multilevel re-
gression, where we determined the relationship between selected characteristics—in this case age, gen-
der, education, and occupation—and reported (i) insecurity and (ii) household victimization. This
involved two separate regression models, one for each outcome variable. The regression also factored in
geographic location, with individuals’ municipalities (unrepresentative unit of interest) nested within
their states (geographic unit of the survey).

Once these regression estimates were calculated, we then post-stratified them. This involved weight-
ing our estimates by the prevalence of each type of individual within each municipality based on their
individual-level characteristics (i.e., age, education, etc.). This “prevalence” was calculated by determin-
ing the population of each type of individual within a municipality according to the 2015 intercensus.
The regression estimates, weighted in this manner, generated a municipal-level estimate (one for each
municipality) for the most likely response to each of the two survey questions.

Through this process, we calculated two municipal-level estimates: one quantifying nonhomicidal
victimization and the other quantifying residents’ perception of community security in their munici-
pality. We calculated these values for all municipalities included in the most recent ENSU survey, yield-
ing estimates for 157 municipalities. These values can be interpreted as a ranking of perceived security
and victimization among the municipalities we examined. They allowed us to determine within our
sample of municipalities how they rank comparatively in terms of these two values. However, these
measures do have error associated with them and cannot be compared to estimates outside of these
analyses. This error was predominantly created by limitations due to question wording and the need
to match variables between the census and survey. We had to match individual-level responses on the
ENSU survey to biographical information about the head of household, as certain attributes were only
recorded at the head-of-household level (e.g., education level, occupation) in this survey. We used these
head-of-household characteristics when considering the prevalence of each type of individual in the
intercensus. Thus, these measures are not perfect individual-level measures, but did provide us with
comparable intersample estimates. For this reason, we interpreted them as a ranking. For more infor-
mation regarding the MRP indicators, see Appendix 1.2.

These measures were then added to our sampling frame for their corresponding municipalities and
PSUs. Our sample of PSUs were then selected for the sample through a systematic method of stratified
probability proportional to size (PPS). Each PSU in the sampling frame was also assigned a nonoverlap-
ping sample stratum based on the three security variables. We combined PPS with a systematic sampling
approach and used implicit stratification (via a travelling salesperson algorithm) based on the three vio-
lence measures. Survey sample strate information can be seen in Table 1. In total, 288 PSUs were selected
and 10 interviews was conducted in each PSU.

Within each strata available, electoral precincts, our primarily sampling unit (PSU) were chosen
based on the probability proportional to each precinct’s size (PPS). In all, 288 electoral sections were
selected from the sampling frame and 10 interviews were conducted in each.

In some cases, PSUs were not available to conduct interviews due to various circumstances, includ-
ing security concerns for interviewers. In such cases, a new PSU with the same stratum characteristics
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Table 1: Strata Information for Sample Frame and Sample
Strata Frame Mun # Frame Mun Proportion Frame Pop. Frame Pop. Proportion Sample Mun Sample Mun Prop. Sample Pop. Sample Pop Prop
High -Low-Low 1 0.006 18812 0.000 1.000 0.009 768.000 0.001
High -High-High 12 0.076 3624341 0.080 9.400 0.087 77308.600 0.086
High -High-Low 28 0.178 11204188 0.246 24.200 0.225 228749.000 0.257
Med -Low -Low 10 0.064 1641492 0.036 5.000 0.046 39381.600 0.044
Med -High-High 19 0.121 8489648 0.187 15.200 0.141 126626.200 0.142
Med -High-Low 11 0.070 5328138 0.117 7.400 0.069 108716.000 0.122
Low -Low-High 1 0.006 231209 0.005 1.000 0.009 5381.600 0.006
Low -Low-Low 46 0.293 8313862 0.183 28.200 0.262 181206.000 0.203
Low -High-High 15 0.096 3192100 0.070 8.400 0.078 50260.000 0.057
Low -High-Low 14 0.089 3418396 0.075 8.600 0.080 73078.400 0.082

Strata listed in terms homicide rate, perceived insecurity, and reported victimization from left to right.

and probability of selection was drawn from an independent sample.
With this sample of PSUs, area segments sampling was then used to select second-stage sampling

units (SSUs). We used blocks as our SSUs, or geographic spaces delimited by streets or avenues. SSUs
were identified and assigned to interviews using maps from the Instituto Nacional Electoral (INE, Na-
tional Electoral Institute). Within each PSU, two SSus were selected via a random sample from INE’s
Catálogo de Manzanas (a catalog of small geographic subdivisions called ”manzanas”).

Once the SSUs were selected, housing units were then chosen which represented our final sampling
unit. Five interviews were conducted per SSU. Housing units were selected via a spiral method and
clockwise walking. Interviewers cover each block by starting at the northeast corner and use a sampling
interval of 3 housing units. Once an interview is completed, the interviewer moves to the other side of
the block, ensuring that only one interview is conducted on each side of the block. Then, interviewers
moved to an adjacent block using the spiral method. In multi-story buildings, the same process was
utilized but only when a building occupies a whole block. If a building is located on one side of the
block, only one interview may take place inside the building. After such an interview, interviewers must
move on from both the building and side of the block.

Once housing units were selected, an individual is then selected by the interviewer. A short screen-
ing interview was conducted with a knowledgeable adult to determine if members of the household
meet the study eligibility criteria. With the information provided by the present adult, the tablet then
picks a respondent from the total pool of eligible household inhabitants. The interviewer then asks to
speak to that individual.

In total, 64 interviewers were used to complete the survey. 2,880 interviews were completed over
nine days between June 12 and June 20, 2021.

2 MRP Goodness of Fit Indicators
In this section, we demonstrate information which confirms the adequacy of our MRP indicators.
First, we demonstrate the correlations between our two MRP measures and the true values (means)
of the variables we used to create these measures (victimization and perceived security). High, but not
perfect, correlation would indicate a strong MRP estimate. This is shown in Figure 1, which confirms
that our MRP estimates and the true values are highly correlated (for those municipalities for which we
had a representative estimator). We also see a correlation between homicide rates and MRP insecurity
perception estimates, but a nearly zero correlation between homicide rates and MRP victimization
estimates. We observe a high correlation between MRP security and victimization estimates.

To further explore these results, we ran mixed-effects models with random intercepts by state. Re-
sults are shown in Table 2, on which population, homicide, and homicide rate are rescaled as values
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Figure 1: Correlations between MRP Estimates and True Values (Means)

ranging from 0 to 1.
For the security measures on Table 1, as the population increases, so does insecurity. As the homi-

cide rate increases, so does the insecurity index. Total homicide does not have a significant relationship
with this index. In terms of the victimization index, there is little relationship with the included vari-
ables (the coefficient sizes are very small and confidence intervals cross zero). As population increases,
the victimization index increases slightly. However, total homicide and homicide rate do not have sig-
nificant relationships with victimization index, as confidence intervals include zero in both cases. From
this analysis, we observe that in urban Mexico, there are places with homicide violence but not much
other violence and vice versa, and there does seem to be little correlation between homicide rates and
victimization estimates. There are correlations between homicide rates and security perceptions, al-
though these are not high. Therefore, we divided the sampling units (using the ENSU sample) by
levels of homicide, nonhomicidal violence (victimization), and insecurity perception.

Below, Figure 3 provides ROC (receiver operating characteristic) curves for the multi-level mod-
els used in the MRP process. This curve demonstrates the ability of the models to correctly predict
outcomes, with the x-y line indicating a “null model.” It can be considered a measure of sensitivity
(probability of detection) versus specificity (probability of false detection) and is essentially a plot of the
model’s power as a function of Type 1 error (rejection of true null hypothesis, false positive). Both plots
below indicate the models perform better than the null model, providing evidence of their strength for
prediction of both outcomes of interest (victimization and perceived security).
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Figure 2: Correlations between MRP Estimates and True Values (Means)

3 Survey Descriptive Statistics

Table 2: Sex, Age, and Education Breakdown
Sex Mean Age Mode Edu Num. Respondents

Male 21.47 Preparatoria o bachillerato 1326
Female 22.38 Preparatoria o bachillerato 1554

Table 3: Employment Status in the Past Week
Type % Respondents
Worked 43.5
Had a job but did not work 1.8
Looked for work 5.5
Student 25.8
Household work 15.6
Permanently Incapacitated 0.7
Did not work 6.3
No response 1.0

4 Socioeconomic Status Variable Creation
To create the variable which we use to measure socioeconomic status (SES), we rely on a battery of
questions regarding the possession of certain material goods (see Table 5). We then use these questions
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Figure 3: Receiver Operating Characteristic Curves for Multilevel Models
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Table 4: Economic Indicators
Marginalization SES

Minimum -2.23 0.00
Mean -1.59 1.94

Maximum -0.20 2.56

Table 5: Items Included in Socioeconomic Status Variable and Descriptive Statistics
Please tell me if you or a member of
your household has CURRENT access
to each of the following services
in your home (Yes = 1, No = 0):

Minimum Median Mean Max NA's

Car 0 1 0.58 1 21
Clothes Washer 0 1 0.88 1 22
Indoor Plumbing 0 1 0.94 1 24
Computer 0 1 0.64 1 23
Internet 0 1 0.87 1 26
Cell Phone 0 1 0.94 1 22
Domestic Worker 0 0 0.26 1 27

to create one variable measuring SES using principal component analysis (PCA). We use the •rst calcu-
lated component which explains the most variance (over 30 %) across participants (see Figure 4). Not
all participants responded to each question regarding possession of each good { to •ll in these gaps,
we used multiple imputation using predictive mean matching (PMM) (see Heitjan and Little (1991);
Little (1988)), implemented via the Multiple Imputation by Chained Equations (MICE) package in R
(Van Buuren and Groothuis-Oudshoorn, 2011). This process resulted in a variable which has a maxi-
mum value of 2.56, minimum value of 0, and mean value of 1.94.

Figure 4: PCA Variance Explained
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5 Identi•cation Strategy

First, we explore the e€ect of exposure to homicidal violence on trust. We specify our model as a linear
model with non-nested random intercepts for both year and municipality as follows:

yi = b1Vi + b2X i + aj[i ] + gk[i ] + ei (1)

aj � N (0,s2
a) (2)

gk � N (0,s2
g ) (3)

In this model,a andg represented the non-nested random intercepts for thej municipalities and
k birth years in our sample. Further,yi is the outcome of interest (trust) andi is each individual re-
spondent.X i is a vector of individual-level control covariates. These are gender, socioeconomic status,
and education level.1 The parameter of interest isb2, whereVi represents childhood exposure to vio-
lence, measured as an average of the homicide rate in the individual's municipality between their birth
year and their 10th year of life. For example, the mean childhood exposure to violence during ages 0 to
10, for two respondents born in the same municipality in yearst andt + 1 is computed as the average
homicide rate in years (t,...,t+10) and (t+1,...,t+11), respectively.

To test the role of militarization on trust, we adapt this modeling strategy slightly to incorporate
whether whether or not a respondent was older or younger than one of three age cuto€s (10, 12, and 15)
in 2012 and interact this variable with exposure to militarization. Following this logic, we model this
relationship as follows:

yi = b1M i + b2D i + b3M i D i + b4X i + aj[i ] + gk[i ] + ei (4)

aj � N (0,s2
a) (5)

gk � N (0,s2
g ) (6)

Once again,a andg represented the non-nested random intercepts for thej municipalities andk
birth years.yi andi remain as our outcome of interest and each individual respondent, respectively.M i
represents the average number of military confrontations between 2007 and 2012 for each respondent,
calculated based on both their age and municipality of residence.D i is a dummy variable which is equal
to 1 if the respondent was 10 years, 12 years, or 15 years or older in 2012, and 0 if not. Our estimand of
interest isB3, which captures the interaction e€ect betweenM i andD i and indicates whether or not
there is a di€erent e€ect of militarization based on a respondent's age group in 2012. Once again,X i
represents a vector of control covariates, which are the same as those used in our previous model.

6 Additional Models

1To create our socioeconomic status control variable, we rely upon a series of survey questions

which determine respondents' possession of a series of assets. We then use principal component analysis

(PCA) to create this variable.
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6.1 Exposure to Homicide Main Results

Here we provide all coeƒcients from our main models regarding exposure to homicide - •gures for
statistically signi•cant results from these models are presented in the main text.

Table 6: Average Exposure to Homicides and Trust in Police

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.012��� � 0.006� � 0.010��

(0.004) (0.004) (0.004)
Male 0.068 0.026 0.094

(0.069) (0.068) (0.068)
SES � 0.170�� � 0.070 � 0.041

(0.071) (0.070) (0.070)
Edu � 0.068��� � 0.030 � 0.016

(0.020) (0.020) (0.020)
Constant 5.672��� 4.100��� 3.593���

(0.162) (0.161) (0.173)

Mun. RE Yes Yes Yes
Age RE Yes Yes Yes
Observations 2,405 2,407 2,407
Log Likelihood � 4,648.293 � 4,628.556 � 4,638.777
Akaike Inf. Crit. 9,312.585 9,273.112 9,293.554
Bayesian Inf. Crit. 9,358.868 9,319.401 9,339.843

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 7: Average Exposure to Homicides and Interpersonal Trust

Dependent variable:
Family Neighbors

(1) (2)

Avg Exposure 0-10 yrs � 0.006��� � 0.011��

(0.002) (0.004)
Male 0.095�� 0.346���

(0.042) (0.076)
SES 0.134��� 0.159��

(0.043) (0.078)
Edu 0.030�� 0.123���

(0.012) (0.022)
Constant 6.074��� 3.048���

(0.095) (0.172)

Mun. RE Yes Yes
Age RE Yes Yes
Observations 2,410 2,407
Log Likelihood � 3,490.952 � 4,887.949
Akaike Inf. Crit. 6,997.905 9,791.897
Bayesian Inf. Crit. 7,044.204 9,838.187

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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Table 8: Average Exposure to Homicides and Trust in Military

Dependent variable:
Army Navy

(1) (2)

Avg Exposure 0-10 yrs � 0.008�� � 0.006
(0.004) (0.004)

Male 0.266��� 0.352���

(0.065) (0.064)
SES � 0.183��� � 0.169��

(0.067) (0.066)
Edu � 0.035� � 0.025

(0.019) (0.019)
Constant 5.706��� 5.855���

(0.152) (0.149)

Mun. RE Yes Yes
Age RE Yes Yes
Observations 2,408 2,394
Log Likelihood � 4,531.657 � 4,452.200
Akaike Inf. Crit. 9,079.315 8,920.401
Bayesian Inf. Crit. 9,125.607 8,966.646

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 9: Average Exposure to Homicides and Trust in Government

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.006 � 0.005 � 0.008��

(0.004) (0.004) (0.004)
Male 0.203��� 0.198��� 0.177���

(0.069) (0.069) (0.069)
SES � 0.116 � 0.208��� � 0.132�

(0.072) (0.070) (0.071)
Edu � 0.060��� � 0.019 � 0.051��

(0.020) (0.020) (0.020)
Constant 4.834��� 4.305��� 4.216���

(0.163) (0.163) (0.173)

Mun. RE Yes Yes Yes
Age RE Yes Yes Yes
Observations 2,402 2,406 2,410
Log Likelihood � 4,672.737 � 4,647.954 � 4,660.378
Akaike Inf. Crit. 9,361.473 9,311.908 9,336.756
Bayesian Inf. Crit. 9,407.746 9,358.194 9,383.055

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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6.2 Exposure to Homicide: Controlling for Recent Homicide Rate

Although the inclusion of random intercepts for both municipality and birth year should account for
variation in the homicide rate closer to the administration of our survey, we include models here with a
homicide rate control (homicide per 100k citizens) for 2020. All results all directionally consistent with
results provided in the main text.

Table 10: Average Exposure to Homicides and Trust in Police

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.009�� � 0.003 � 0.007
(0.004) (0.004) (0.004)

Hom 100k � 0.003 � 0.003 � 0.003
(0.002) (0.002) (0.002)

Male 0.068 0.028 0.095
(0.069) (0.068) (0.068)

SES � 0.170�� � 0.066 � 0.040
(0.071) (0.070) (0.070)

Edu � 0.070��� � 0.033� � 0.019
(0.020) (0.020) (0.020)

Constant 5.734��� 4.145��� 3.651���

(0.166) (0.162) (0.176)

Mun. RE Yes Yes Yes
Age RE Yes Yes Yes
Observations 2,405 2,407 2,407
Log Likelihood � 4,652.427 � 4,632.859 � 4,642.875
Akaike Inf. Crit. 9,322.854 9,283.717 9,303.750
Bayesian Inf. Crit. 9,374.921 9,335.793 9,355.825

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 11: Average Exposure to Homicides and Trust in Military

Dependent variable:
Army Navy

(1) (2)

Avg Exposure 0-10 yrs � 0.008� � 0.005
(0.004) (0.004)

Hom 100k � 0.0004 � 0.002
(0.002) (0.002)

Male 0.266��� 0.352���

(0.065) (0.064)
SES � 0.183��� � 0.169��

(0.067) (0.066)
Edu � 0.035� � 0.026

(0.019) (0.019)
Constant 5.713��� 5.886���

(0.156) (0.153)

Mun. RE Yes Yes
Age RE Yes Yes
Observations 2,408 2,394
Log Likelihood � 4,537.025 � 4,457.220
Akaike Inf. Crit. 9,092.050 8,932.441
Bayesian Inf. Crit. 9,144.129 8,984.467

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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Table 12: Average Exposure to Homicides and Trust in Government

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.005 � 0.005 � 0.004
(0.005) (0.004) (0.004)

Hom 100k � 0.002 0.00003 � 0.004��

(0.002) (0.002) (0.002)
Male 0.204��� 0.197��� 0.179���

(0.069) (0.069) (0.069)
SES � 0.116 � 0.208��� � 0.129�

(0.072) (0.070) (0.071)
Edu � 0.061��� � 0.019 � 0.054���

(0.020) (0.020) (0.020)
Constant 4.867��� 4.305��� 4.287���

(0.168) (0.166) (0.175)

Mun. RE Yes Yes Yes
Age RE Yes Yes Yes
Observations 2,402 2,406 2,410
Log Likelihood � 4,677.663 � 4,653.398 � 4,663.685
Akaike Inf. Crit. 9,373.326 9,324.797 9,345.370
Bayesian Inf. Crit. 9,425.383 9,376.868 9,397.456

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 13: Average Exposure to Homicides and Interpersonal Trust

Dependent variable:
Family Neighbors

(1) (2)

Avg Exposure 0-10 yrs � 0.009��� � 0.012���

(0.002) (0.005)
Hom 100k 0.003��� 0.001

(0.001) (0.002)
Male 0.095�� 0.346���

(0.042) (0.076)
SES 0.135��� 0.160��

(0.043) (0.078)
Edu 0.032��� 0.124���

(0.012) (0.022)
Constant 6.018��� 3.024���

(0.096) (0.176)

Mun. RE Yes Yes
Age RE Yes Yes
Observations 2,410 2,407
Log Likelihood � 3,492.644 � 4,893.006
Akaike Inf. Crit. 7,003.287 9,804.011
Bayesian Inf. Crit. 7,055.374 9,856.086

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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6.3 Exposure to Homicide: Two-Way Fixed E€ects Models

Below are results from an alternative model speci•cation, using two-way •xed e€ects for both munici-
pality and birth year of respondents. Results are directionally consistent with our main results.

Table 14: Average Exposure to Homicides and Trust in Police

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.016��� � 0.008 � 0.011�

(0.006) (0.006) (0.006)
Male 0.079 0.005 0.079

(0.070) (0.070) (0.070)
SES � 0.165�� � 0.113 � 0.114

(0.074) (0.074) (0.073)
Edu � 0.063��� � 0.026 � 0.011

(0.021) (0.021) (0.021)
Constant 5.398��� 3.817��� 3.406���

(0.342) (0.340) (0.340)

Mun. FE Yes Yes Yes
Age FE Yes Yes Yes
Observations 2,405 2,407 2,407
R2 0.091 0.072 0.093
Adjusted R2 0.044 0.023 0.045
Residual Std. Error 1.645 (df = 2284) 1.636 (df = 2286) 1.635 (df = 2286)
F Statistic 1.915��� (df = 120; 2284) 1.468��� (df = 120; 2286) 1.946��� (df = 120; 2286)

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 15: Average Exposure to Homicides and Interpersonal Trust

Dependent variable:
Family Neighbors

(1) (2)

Avg Exposure 0-10 yrs � 0.006 � 0.016��

(0.004) (0.007)
Male 0.097�� 0.328���

(0.043) (0.078)
SES 0.133��� 0.096

(0.046) (0.082)
Edu 0.036��� 0.114���

(0.013) (0.023)
Constant 6.358��� 3.078���

(0.213) (0.379)

Mun. FE Yes Yes
Age FE Yes Yes
Observations 2,410 2,407
R2 0.067 0.096
Adjusted R2 0.019 0.049
Residual Std. Error 1.023 (df = 2289) 1.824 (df = 2286)
F Statistic 1.380��� (df = 120; 2289) 2.030��� (df = 120; 2286)

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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Table 16: Average Exposure to Homicides and Trust in Military

Dependent variable:
Army Navy

(1) (2)

Avg Exposure 0-10 yrs � 0.006 � 0.004
(0.006) (0.006)

Male 0.260��� 0.343���

(0.067) (0.066)
SES � 0.190��� � 0.144��

(0.071) (0.069)
Edu � 0.022 � 0.019

(0.020) (0.020)
Constant 5.604��� 5.891���

(0.327) (0.320)

Mun. FE Yes Yes
Age FE Yes Yes
Observations 2,408 2,394
R2 0.079 0.082
Adjusted R2 0.030 0.034
Residual Std. Error 1.571 (df = 2287) 1.537 (df = 2273)
F Statistic 1.625��� (df = 120; 2287) 1.700��� (df = 120; 2273)

Note: � p< 0.1;�� p< 0.05;��� p< 0.01

Table 17: Average Exposure to Homicides and Trust in Government

Dependent variable:
Federal State Municipal

(1) (2) (3)

Avg Exposure 0-10 yrs � 0.010 � 0.012�� � 0.008
(0.006) (0.006) (0.006)

Male 0.190��� 0.178�� 0.168��

(0.071) (0.070) (0.070)
SES � 0.092 � 0.208��� � 0.180��

(0.075) (0.074) (0.074)
Edu � 0.053�� � 0.017 � 0.052��

(0.021) (0.021) (0.021)
Constant 4.071��� 4.007��� 3.382���

(0.346) (0.344) (0.343)

Mun. FE Yes Yes Yes
Age FE Yes Yes Yes
Observations 2,402 2,406 2,410
R2 0.089 0.076 0.097
Adjusted R2 0.041 0.028 0.050
Residual Std. Error 1.666 (df = 2281) 1.653 (df = 2285) 1.649 (df = 2289)
F Statistic 1.851��� (df = 120; 2281) 1.574��� (df = 120; 2285) 2.046��� (df = 120; 2289)

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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6.4 Exposure to Militarization Results

The following models examine an interaction between the mean number of military confrontations
in a municipality and the respondent's age at that time. A dummy is created for individuals who were
younger than 10, 12, or 15 in 2012 (approximately the end of the most violent period of the drug war).

17



Ta
bl

e
18

:E
xp

os
ur

e
to

M
ili

ta
ry

C
on

fr
on

ta
tio

ns
an

d
Tr

us
ti

n
P

ol
ic

e

D
ep

en
de

nt
va

ria
bl

e:
F

ed
er

al
S

ta
te

M
un

ic
ip

al

(1
)

(2
)

(3
)

(4
)

(5
)

(6
)

(7
)

(8
)

(9
)

M
ea

n
C

on
fr

on
ta

tio
ns

0.
02

2
0.

01
9

0.
02

7
0.

03
1�

0.
01

7
0.

04
5�

0.
03

6�
0.

03
4

0.
04

4
(0

.0
22

)
(0

.0
24

)
(0

.0
29

)
(0

.0
17

)
(0

.0
19

)
(0

.0
26

)
(0

.0
20

)
(0

.0
22

)
(0

.0
28

)
Yo

un
ge

rt
ha

n
10

0.
30

2
���

0.
43

5���
0.

56
8���

(0
.1

10
)

(0
.0

94
)

(0
.1

33
)

Yo
un

ge
rt

ha
n

12
0.

30
5

���
0.

36
2��

�
0.

54
5���

(0
.0

84
)

(0
.0

78
)

(0
.0

90
)

Yo
un

ge
rt

ha
n

15
0.

24
4

��
0.

42
4��

�
0.

53
4���

(0
.0

95
)

(0
.0

84
)

(0
.1

02
)

M
al

e
0.

06
4

0.
05

3
0.

05
7

0.
02

8
0.

01
8

0.
01

5
0.

09
4

0.
09

0
0.

08
6

(0
.0

68
)

(0
.0

69
)

(0
.0

69
)

(0
.0

68
)

(0
.0

68
)

(0
.0

68
)

(0
.0

68
)

(0
.0

68
)

(0
.0

68
)

S
E

S
�

0.
17

8��
�

0.
18

3��
�

0.
17

4��
�

0.
07

5
�

0.
07

5
�

0.
06

6
�

0.
04

5
�

0.
04

3
�

0.
03

6
(0

.0
71

)
(0

.0
71

)
(0

.0
71

)
(0

.0
70

)
(0

.0
70

)
(0

.0
69

)
(0

.0
71

)
(0

.0
70

)
(0

.0
70

)
E

du
�

0.
06

2��
�

�
0.

06
1���

�
0.

06
3��

�
�

0.
02

5
�

0.
03

1
�

0.
03

3�
�

0.
01

3
�

0.
01

8
�

0.
02

0
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
(0

.0
20

)
M

ea
n

C
on

f*
Yo

un
ge

r1
0

�
0.

11
8���

�
0.

04
2

�
0.

05
8�

(0
.0

33
)

(0
.0

32
)

(0
.0

32
)

M
ea

n
C

on
f*

Yo
un

ge
r1

2
�

0.
06

6��
0.

00
8

�
0.

03
2

(0
.0

29
)

(0
.0

29
)

(0
.0

29
)

M
ea

n
C

on
f*

Yo
un

ge
r1

5
�

0.
05

4�
�

0.
04

1
�

0.
03

8
(0

.0
31

)
(0

.0
31

)
(0

.0
31

)
C

on
st

an
t

5.
48

6���
5.

44
6��

�
5.

42
2���

3.
89

4���
3.

90
7���

3.
79

9���
3.

34
7���

3.
31

1���
3.

20
2���

(0
.1

62
)

(0
.1

60
)

(0
.1

68
)

(0
.1

53
)

(0
.1

52
)

(0
.1

59
)

(0
.1

63
)

(0
.1

58
)

(0
.1

68
)

M
un

.R
E

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

A
ge

R
E

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

Ye
s

O
bs

er
va

tio
ns

2,
40

5
2,

40
5

2,
40

5
2,

40
7

2,
40

7
2,

40
7

2,
40

7
2,

40
7

2,
40

7
Lo

g
Li

ke
lih

oo
d

�
4,

64
6.

60
2

�
4,

64
8.

65
4

�
4,

65
1.

00
9

�
4,

62
4.

83
4

�
4,

62
4.

10
4

�
4,

62
3.

55
6

�
4,

63
6.

22
7

�
4,

63
4.

08
7

�
4,

63
5.

00
7

A
ka

ik
e

In
f.

C
rit

.
9,

31
3.

20
5

9,
31

7.
30

8
9,

32
2.

01
8

9,
26

9.
66

8
9,

26
8.

20
9

9,
26

7.
11

2
9,

29
2.

45
5

9,
28

8.
17

4
9,

29
0.

01
3

B
ay

es
ia

n
In

f.
C

rit
.

9,
37

1.
05

8
9,

37
5.

16
1

9,
37

9.
87

19
,3

27
.5

29
9,

32
6.

07
0

9,
32

4.
97

3
9,

35
0.

31
6

9,
34

6.
03

6
9,

34
7.

87
5

N
ot

e:
�
p<

0.
1;

��
p<

0.
05

;���
p<

0.
01

18



Table 19: Exposure to Military Confrontations and Interpersonal Trust

Dependent variable:
Family Neighbors

(1) (2) (3) (4) (5) (6)

Mean Confrontations 0.021� 0.012 0.022 0.031 0.035 0.029
(0.011) (0.013) (0.016) (0.022) (0.024) (0.030)

Younger than 10 0.067 � 0.099
(0.058) (0.096)

Younger than 12 � 0.023 0.005
(0.051) (0.087)

Younger than 15 � 0.015 0.024
(0.052) (0.090)

Male 0.091�� 0.092�� 0.094�� 0.342��� 0.337��� 0.333���

(0.042) (0.042) (0.042) (0.076) (0.076) (0.076)
SES 0.130��� 0.137��� 0.135��� 0.171�� 0.160�� 0.156��

(0.044) (0.044) (0.043) (0.078) (0.078) (0.078)
Edu 0.033��� 0.030�� 0.032�� 0.118��� 0.125��� 0.127���

(0.012) (0.012) (0.012) (0.022) (0.022) (0.022)
Mean Conf*Younger 10 � 0.054��� � 0.029

(0.020) (0.036)
Mean Conf*Younger 12 � 0.015 � 0.027

(0.018) (0.032)
Mean Conf*Younger 15 � 0.022 � 0.008

(0.019) (0.034)
Constant 5.989��� 6.021��� 6.016��� 2.969��� 2.912��� 2.894���

(0.096) (0.096) (0.100) (0.173) (0.173) (0.178)

Mun. RE Yes Yes Yes Yes Yes Yes
Age RE Yes Yes Yes Yes Yes Yes
Observations 2,410 2,410 2,410 2,407 2,407 2,407
Log Likelihood � 3,493.998 � 3,497.108 � 3,496.705 � 4,891.302 � 4,892.667 � 4,892.953
Akaike Inf. Crit. 7,007.997 7,014.216 7,013.410 9,802.604 9,805.334 9,805.907
Bayesian Inf. Crit. 7,065.871 7,072.090 7,071.284 9,860.465 9,863.195 9,863.768

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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Table 21: Exposure to Military Confrontations and Trust in Military

Dependent variable:
Army Navy

(1) (2) (3) (4) (5) (6)

Mean Confrontations 0.034� 0.040� 0.046� 0.036� 0.034 0.055��

(0.019) (0.021) (0.027) (0.019) (0.021) (0.026)
Younger than 10 0.306��� 0.254���

(0.094) (0.096)
Younger than 12 0.316��� 0.200��

(0.075) (0.086)
Younger than 15 0.271��� 0.265���

(0.080) (0.081)
Male 0.263��� 0.255��� 0.257��� 0.345��� 0.341��� 0.340���

(0.065) (0.065) (0.065) (0.064) (0.064) (0.064)
SES � 0.193��� � 0.197��� � 0.186��� � 0.180��� � 0.179��� � 0.178���

(0.067) (0.067) (0.067) (0.066) (0.066) (0.066)
Edu � 0.028 � 0.029 � 0.032� � 0.019 � 0.021 � 0.021

(0.019) (0.019) (0.019) (0.019) (0.019) (0.019)
Mean Conf*Younger 10 � 0.083��� � 0.056�

(0.031) (0.030)
Mean Conf*Younger 12 � 0.067�� � 0.029

(0.028) (0.027)
Mean Conf*Younger 15 � 0.053� � 0.051�

(0.030) (0.029)
Constant 5.522��� 5.491��� 5.456��� 5.697��� 5.699��� 5.615���

(0.151) (0.149) (0.155) (0.148) (0.149) (0.153)

Mun. RE Yes Yes Yes Yes Yes Yes
Age RE Yes Yes Yes Yes Yes Yes
Observations 2,408 2,408 2,408 2,394 2,394 2,394
Log Likelihood � 4,530.018 � 4,528.717 � 4,531.422 � 4,451.570 � 4,452.944 � 4,450.713
Akaike Inf. Crit. 9,080.036 9,077.434 9,082.843 8,923.141 8,925.887 8,921.427
Bayesian Inf. Crit. 9,137.901 9,135.300 9,140.7098,980.948 8,983.695 8,979.234

Note: � p< 0.1;�� p< 0.05;��� p< 0.01
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6.5 Figures: Exposure to Militarization across Age Groups

Additional •gures regarding militarization for all age cuto€s explored are provided here.

Figure 5: Predicted Values of Trust in Federal Police vs. Mean Municipal Military Confrontations
(2007-2012) by Age Group
Trust is reported on a 1-7 scale. Mean confrontations are calculated as the average number of confrontations
between the military and organized crime which each respondent was exposed to (based on their municipality
of residence and birth year) for the years 2007-2012. Figures present predicted values for each age group from
random-intercept models with 90 % semi-parametric bootstrapped con•dence intervals.
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